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® Based on the current news article,
the generated news headline is as:
Phoenix News Briefs: Fatal Fire,
( ) Harassment Allegations,
and NBA Updates.
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Abstract

candidate article and the user’s records, and a dense retriever,
which captures semantic similarity based on embeddings.
After retrieval, the records are re-ranked by relevance score,
and the top-k results (k = 1~11) are concatenated with the
current input to form the prompt for generation.

Experiments and Results

ROUGHE-1 ROUGE-2 ROUGE-L BLEU
bm25 | dense | random | bm25 | dense | random | bm25 | dense | random | bm25 | dense | random
. w/o User records | 31.18 12.63 26.00 34.48
We propose a RAG-based system that takes into account the I User rocords | 30.15 | 30.74 | 30.66 | 11.00 | 12.14 | 1212 | 25.39 | 25.84 | 25.88 | 33.66 | 32.27 | 34.04
: : . . . 2 User records | 3101 | 31.05 | 30.87 | 12.47 | 12.42 | 12.24 | 26.20 | 26.21 | 26.08 | 34.36 | 34.44 | 34.29
user hlstory to improve news headline personalization. Our 3 User records | 31.20 | 31.13 | 30.99 | 12.68 | 12.53 | 12.36 | 26.43 | 26.32 | 26.19 | 34.58 | 34.52 | 34.32
: : : 4 User records | 31.35 | 31.30 | 31.10 | 12.74 | 12.62 | 12.46 | 26.46 | 26.45 | 26.35 | 34.68 | 34.58 | 34.41
experiments reveal that to generate headlines that better align 5 User records | 31.38 | 31.41 | 3111 | 12.74 | 12.73 | 12.46 | 26.48 | 26.64 | 26.33 | 34.72 | 34.73 | 34.50
: : 6 User records | 31.49 | 31.39 | 31.19 | 12.86 | 12.74 | 12.64 | 26.56 | 26.50 | 26.39 | 34.74 | 34.74 | 34.52
with user preferences, the retrieved user records that served as 7 User records | 3150 | 31.46 | 31.23 | 12.90 | 12.77 | 12.56 | 26.52 | 26.56 | 26.42 | 34.80 | 34.76 | 34.57
: : L 8 User records | 31.55 | 31.47 | 31.36 | 12.93 | 12.74 | 12.67 | 26.66 | 26.63 | 26.62 | 34.80 | 34.81 | 34.67
generation references should satisty three conditions 5 User rocords | 31.61 | 3149 | 3132 | 12.99 | 1281 | 12.71 | 26.61 | 26.57 | 26.47 | 34.88 | 34.81 | 3469
: : : : 10 User records | 31.54 | 31.62 | 31.38 | 13.00 | 12.86 | 12.60 | 26.53 | 26.59 | 26.62 | 34.82 | 34.83 | 34.68
simultaneously: be of a certain quantity, have high relevance to IT User rocords | 3145 | 3150 | 3146 | 1291 | 12.84 | 1281 | 26.47 | 26.56 | 26.59 | 34.78 | 34.80 | 34.75
the candidate news, and have adequate topical diversity.
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Retrieving the most relevant user records to the candidate
news added it to the prompt as a flexible user representation
while facing different needs of the candidate news.

—> Retrieval-Augmented Generation!

As the number of user records increases, the performance of all
RAG models improves. The BM25 retriever achieves a better
balance between the relevant results and the diverse records.
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